1 Supplementary Text 1.1 Details of the dataset used Data from the Internet Movie Database was obtained as plain text files from the Alternative Interfaces page: (http://www.imdb.com/interfaces). Data was downloaded in May 2012. Only data pertaining to films through 2011 was used. Data was processed using the Python IMDbPy module: (http://imdbpy.sourceforge.net/). We first extracted all films that contained 'USA' in the field 'Country'. This corresponded to all films produced (or at least attributed to) the United States. Next, from the above set we extracted films that did not contain the terms 'Short', 'Adult' or 'Documentary' in its 'Genre' field. The number of films in this filtered set is 46596. The total number of films with keywords in this set is 33128 and the earliest film with a keyword has a release year of 1910.
For Figs. 1, 2, 3, 7 and 8 in the main text, wherever keywords are considered, data from all films between 1910-2011 was used.
For Figs. 4, 5 and 6 in the main text, novelty was calculated for films released between 1929 and 1998, the period for which there is a fairly consistent degree of tagging (see Fig. 1(b) of main text). For Figs. 4 and 5, when computing the novelty of a film i, the probability of keyword usage P (w) was calculated using all films with keywords that were released prior to it (the earliest being in 1910), as well as the film under consideration. For Fig. 6 , when computing the novelty of a film, the probability of keyword usage was calculated using all films that appeared 6 months prior to the release month of the film, and the film under consideration.
Furthermore, for Fig. 6 , only films with an inflation adjusted budget greater than or equal to $ 1 million were considered (see next section for explanation).
In Figs. 4,5 and 6, the films were additionally filtered to retain only those with greater than 10 keywords in their respective keyword sets. Eventually, the total number of films used for the results in Fig. 4 was 13322, which constitutes approximately 62% of all films with keywords in the period 1929 to 1998. The total number of films used for Fig. 6 after filtering for keyword set lengths and budget was 1509.
Choosing a proxy for hedonic value
The IMDb dataset provides two possible avenues to capture a proxy for the hedonic value derived from a film. The first of these, the IMDb rating, is a weighted average of individual user ratings, obtained using an undisclosed weighting scheme that is designed to counter ballot-stuffing [1] . How effectively the ratings alleviate the problem is unclear, but even in the best-case scenario when voting is honest, the rating would reflect the taste preferences of only the registered users of IMDb. Perhaps, as a consequence of the idiosyncrasies in the computation of IMDb ratings, the relationship between novelty and rating shows scarce decipherable structure (see Fig. 1 ). More pertinently, even for a film that was released after IMDb was established, we only have access to its current (i.e. at the time when the data was downloaded) IMDb rating, and not its rating immediately after its release, which would accurately reflect how it was received. Since our measures, Eqs. 4 and 5 in the main text represent the novelties of a film specifically at the time of its release, for a principled investigation of the relationship between novelty and hedonic value, we require a quantity that captures the perceived value of the film precisely around the time of its release. This requirement clearly renders the IMDb ratings that we have access to, unsuitable for our purposes as a proxy for hedonic value. The second quantity available to us, and which we utilize here to represent the hedonic value, is the revenue generated by the film through theatrical ticket-sales. Specifically, we extract the revenue generated from ticket sales within the United States for films (whenever available), and adjust these values for inflation using the consumer price index table for 2011. This measure is much more appropriate for our purposes, since the theatrical run of the film is typically confined to within four months after the film's release [2] , and therefore yields a suitable proxy for hedonic value obtained over a time window proximal to the time of its release.
One of the drawbacks of utilizing revenue (also rating) is its inability to represent distaste or negative hedonic values. It might appear that using a measure like return on investment (ROI) which is the profit (loss) divided by the production cost might alleviate this shortcoming. However, we argue that any individual or aggregate measure of hedonic value should be agnostic to the production cost of the film. In other words, given two films with equal viewership (i.e., equal ticket sale revenue), it is unreasonable to ascribe a higher reward to the film with the lower budget, simply on account of its lower production cost.
Another possible argument in favor of incorporating budgets in the measure of reward is to counter the influence of budgets in drawing audiences; expensive films invariably have more theaters exhibiting them, thus suggesting that the production budget has a direct influence on viewership. However, an expensive film that performs poorly is liable to be removed from exhibition after the initial commitment period (the minimum contractually obligated period for which a theater screens the film) has elapsed, and a relatively inexpensive film playing in only a few theaters could outperform it in terms of viewership if it garners sustained audience interest. Thus the relationship between production cost and viewership is not straightforward. However, in order to mitigate issues which arise due to such differences in exhibition capability we only use films that have (inflation adjusted) budgets above $1 million to obtain the results shown in Fig. 6 of the main text. Fig. 6 in main text. The black curve on both plots indicate the 90 th percentiles of revenue for each binned value of novelty. Novelty values were binned over the interval shown into 100 bins.
